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Get the paper!

- ‘Stochastic Beam Search is the method you ve been looking for TL D R
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Stochastic Beam
- “You will never have duplicate samples again!” Search finds a set of f ' % Alforithm 1 SipchasticBeaScagh(po. F)
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——————————————— max Gy, ~ Gumbel(log 2;; exp ¢;)
l

\ you should probably use Stochastic Beam Search!” from a sequence model.

"Mathemagic with prot. Gumbeldore:
sample from the Categorical distribution”

In1t1ahze EXPANSIONS empty
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P e e ] artial sequence (“C) k nodes at each level in the tree
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.  [ach node in the top k yields (at e Estimate sentence-level BLEU
Sequence model: least) one leaf with the maximum * Plot mean and 95% interval vs. number of samples
t . o /N I/ S SRR N O 12 : .
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gk £ L e S : Ildea: obtain sample from leaf Don’t expand nodes not in the top S Srochrsie B el I Al R D oitanes
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without constructing complete tree

from expanding the top k nodes

BLEU, T =0.2
MC
- S8S
H SBS (Norm.)
BS
BS (Norm.)
=l - o ... even if we would continue, we
would only have to expand k
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